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Hydrophobicity (HIC) Self Association (AC-SINS and DLS-kD)

Polyreactivity (CHO and Ova) Guided Discrete Diffusion via Soft Value Decoding Diffusion

Multiple Developability Assays at 1000s/week How to work with us
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Hydrophobicity is associated with a multitude 
of manufacturing and performance problems

Method enhancement resulted in a 
>4x  improvement in throughput 
per instrument (1000+ weekly)

● Optimized resin choice to enable 
faster flow rates while maintaining 
assay performance

● Shortened column for reduced 
runtime and back pressure on system

● Streamlined sample prep by 
removing a buffer exchange unit 
operation

Key Takeaways

● Our HT HIC method enables 
processing ~4x throughput

● Good run-to-run consistency (r=0.99)
● Good correlation (ρ=0.97) with prior 

literature (Jain et al., 2017)

Method and process optimization enables execution of 
AC-SINS assay in a high-throughput automated way 
(1000+ weekly)

● Optimized AC-SINS method to enable execution in 384 wps
● Developed AC-SINS method to run on fully automated workcells
● Evaluated multiple formulation buffers in high-throughput

Key Takeaways

● AC-SINS is a reliable HT surrogate for DLS-kD to assess 
self-association (ρ= -0.79, pH 7.4; ρ= -0.90, pH 6.0)

● Good run-to-run consistency (r=0.93, pH 7.4; r=0.91, pH 6.0)
● Good correlation (ρ=0.88) with prior literature (Jain et al., 2017)

Method and process optimization enables execution of bead-based PR assay in a 
high-throughput automated way (1000+ weekly)

● Optimized method to enable execution in 384 wps
● Process optimization by minimizing liquid transfers to improve automation efficiency
● Automation development to enable execution at 4 °C to improve data quality

Key Takeaways

● CHO SMP and Ova based polyreactivity assessments are comparable (ρ=0.76) 
● Good run-to-run consistency (r=0.97 and 0.96)
● Good correlation (ρ=0.86 and 0.90) with prior literature (Makowski et al. 2021)

We work with a wide range of antibody 
formats, and growing

Fee for service, you own the data

Assays Method Key Data Output

Titer Valita mg/L

Target Binding BLI, SPR KD

Functional Cell-Based Assay Assay Dependent Assay Dependent

Aggregation (SE-HPLC) HPLC %HMW, %Monomer

FcRn Binding HPLC, BLI RT, Kd*

Heparin Binding (HAC) HPLC RT

Polyreactivity (CHO or Ova) Bead-based PR score

Polyreactivity (BVP) ELISA PR Score

Thermostability nanoDSF, DSF, 
DLS/SLS

Tm    , Tonset , Tagg

Self-Association (AC-SINS) AuNP-based Δλmax

Self-Association (DLS-kD) DynaPro III kD

Hydrophobicity (HI-HPLC) HPLC RT

Colloidal Stability (SMAC-HPLC) HPLC RT

Download our mAbs 
manuscript and 
companion dataset 
for 246 IgGs across 
10 developability 
assays here

Good run to run 
consistency

Good literature 
correlation

Good correlation between 
AC-SINS and DLS-kD

Good correlation between 
AC-SINS and DLS-kD

Good run-to-run 
consistency

While there have been significant advances in computational modeling and high-throughput screening for 
binding, the prediction of developability properties remains a challenge. This gap is largely due to the 
scarcity of large-scale, high-quality datasets required to train robust machine learning (ML) models. 

We offer scale, 
flexibility, and 
volume discounts

Data generation scale

80 to 2,400+
antibodies per batch

Assay breadth

1 to 10+
1 assay to full panel of 10+ assays

As the number of antibodies 
and assays increase, 
volume discounts kick in.

Good correlation 
with literature

Experimental Assessment via PROPHET-Ab

Reward Models Trained on GDPa1 Guided Generation of Ab Sequences

Guiding generation of a two-chain Ab 
generative model with reward models 
trained on GDPa1 enabled the creation of 
new antibody sequences with properties 
in ranges of interest.

Key Takeaways

● All properties reduced for high targets, most 
successful increase (poorer behaving) for 
AC-SINS at pH 7.4.

● Guided generations offers a mechanism to 
increase phenotype coverage and improve 
downstream predictive model performance.
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